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The Intelligent Laplacian Classifier

DAI Hongliang
(School of Mathematics and Compuiational Science, Guangdong University of Business Studies,
Guangzhou 510320, China)

Abstract. Supposing the kernel parameters of the three Parzen window-based estimators are different and using in-

the intelligent

Laplacian classifier ( TILC). The experimental resulis in several benchmark datasets indicaie thai the proposed
TILC achieve higher classification accuracy and stable than the Laplacian classifier and standard support vector ma-

chine (SVM). Consequenily, TILC provides a promising alternative for classification.
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Table 2 Confusion matrix for standard TLC on

Echocardiogram data
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Table 3 Confusion matrix for TILC on Echocardiogram data
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Table 5 Comparsion of classification results for three

classifiers on Ratsch data

Yol SVM TLC ITLC
Banana 89.2x0.7 88.4+0.6 90.3zx0.5
Thyroid 95.2+2.2 944226 951x2.3

Image 97.0x0.6 96.2+0.7 97.2x0.2

Twonorm 97.0+0.2 97.3+0.3 98.2+0.2
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Table 6 Five UCI standard data
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Table 7 Comparsion of classification results for three classifiers

on UCI standard data

Brym SVM TLC ITLC
Wine 97.5+1. 4 97.3 1.4 97.6 +1.3
Tonos 94.1x1.2 92.5+1.7 94.5+0.9
Tris 95.7+2.0 94.5£2.1 94.8+2.0
Wisconsin = 96.9 0.7 97.1x0.7 97.8 0.5
Pima 76.8 +1.5 73.9£1.7 74.2 1.2
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